LR R ZE LI LA REHERN

fg FEERE R 214 Py thon i 5 g e LAl

BREER
Basis of Python Programming in Health Data Science
FHR AL & A BRI S ERE
2o 2 et iy 36 B 9

BREME | RS

FBRE | LER

WREATA
B AR

RPN

Python iff 5 g FE /2 T R A R AL . N RE. HLas o 2 S OC OUSAT L i B 2L, & B 205 . VAR . AR DCOCRFRRSE R 2. UHR M e B2
{4 Python i 5 g FEIEA, REWS (AL EARBIIAL . FARAL . S RACSEgAE AR, IR SN RS (R A B AR 5 7 W S0 SR B AR, ST D S B il 2 ) 3l
FHAERETT, WM BT R AERBERFI A RTE, BORBIIRGR . ARERE TR UR, 1w alif 2.

RETCRA

Python language programming is one of the most important tools for researchers in health data science, artificial intelligence, machine learning
related areas. Python has many advantages, such as universal flexibility, concise syntax, strong community support, etc. Learning Python language
programming can enable students to master modular, procedural, abstract and other programming ideas. This course is a method course for students
with no requirement of existing programming basis, includes basic concepts and practical tools for data analytics. It can deepen students’
practical understanding of analysis algorithms in health data science.
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